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NGINX v1.15.9, 512 clients, 128 GET/POST payloads, all HTTPS connections, AES128-GCM-SHA256, aWS

OpenSSL 1.1.1, 4 target machines, all tests run on 4xl size; load generator ¢5.9xl; web servers ¢5.4xls; - 5
All servers run in a cluster placement group
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Memcached v1.5.16, 16B keys, 128B values, 7.8M KV-pairs, 576 connections for load generation from 2x c5.9xlarge aWS
instances, 16 additional connections used to measure latency from 1 additional c5.9xlarge,;each connection 3
maintains 4096 outstanding requests; All servers in a cluster placement group —
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X264 (videolan.org version 3759fcb7), 4xl instance size, medium preset, aWS
input uncompressed 1080p50, output encoded h264 1080p50 ~ 2
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AWS Compute Optimizer X AWS Mettle » Dashbeoard » EC2 Instance recommendations » Recommendation detail: Portal1_DEV

Dachbonrd Recommendation detail: Portal1_DEV ... View in EC2 console | | Export |

¥ Recommendations per service ) ) _ )
Configuration comparison and selection info &

EC2 Instances : . , , o ,
Select one of the recommended options to compare it against your current utilization metrics below.

AutoScaling Groups

Configuration ¥ Instance type ¥ E:;;Eemand v Z:.fi'F:rence v E::l vCPUs ¥  Memory ¥  Storage v Ne
Current (Portal2_P m5.2xlarge $0.384 per hour 8 32GiB EBS Only Up
@ Option 1 m5.xlarge $0.192 per hour %ESS 92 per Low 4 16GiB EBS Only Up
O Option 2 t3.xlarge $0.1664 per hour "1§3f1 76 per Low 4 16GiB EBS Only Mc
) Ontinn % 5 larne &0 124 ner haur - $0.258 per Medinm 7 1RGIR FRS Oinly i

Option 1 (m5.xlarge) v. Current (m5.2xlarge) info

Statistic: Average v Time range: Last 2 weeks W &

Key: == Current utilization

«=» Recommended projected utilization

CPU utilization (percent) Memory utilization (percent) Network in (Bytes) Network Out (Bytes)
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123456 7891701112153 14 1234567 E8B91011121314 1234567 891011121314 1234567 891011121314
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Amazon Managed Apache Cassandra Service
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Amazon Aurora Machine Learning Integration
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AWS IAM Access Analyzer
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AWS Single Sign-On
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AWS Transit Gateway Network Manager
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Amazon Transcribe WebSocket A X

g
I 127.0.0.1:8000 e oy @ 0 y oo

Tra nscrl be M ed I Cal - @ Tha liver attachments to the adrenal kidney were d UNREGISTERED

USING THE AMAZON TRANSCRIBE WEBSOCKET API The Bver attachmaents 1o the adrenal kidney wered . @
The liver attachments to the adrenal kidney were divided and the
liver was reflected superiorly. The vena cava was identified. The
main renal vein was identified. Coming superior to the main renal
Create an AWS Account, attach the necessary IAM policy, and € vein, staying right on the vena cava, all small vessels were
clipped and then divided. Coming along the superior pole of the
kidney, the tumor was dissected free from top oﬂ the kidney with

Access |D:

clips and Bovie. The harmonic scalpel was utilized superiorly and
VSseINReRIIesURIRSS laterally. Posterior attachments were divided between clips and
Secret Key: once the whole adrenal was mobilized, the adrenal vein and one

large adrenal artery were noted, doubly clipped, and divided

Session Token (if using MFA):
b Line 1, Column 371 Tab Size. 4 Plain Toxt

-
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Instructions X Which sport is played in the image?

View full instructions Select an option

View tool guide Soccer
In this task, you will need to select . ;
the category that best describes the Swimming
image.

Football
Soccer Basketball
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awg Services v Resource Groups * Ll welcome to AWS ~ awg Services v Resource Groups *
— —
Fraud Detector X Fraud Detector Search past evaluations Fraud Detector Create detector
Detectors Filter Past 24 hours v
Step 1 Add rules
Models Define detector details
v Resources Property Operator Value . Use existing rule
tep
Search propert v Select operator v Input value
Outcomes bt o v X Add model - optional
Example: registration_detector
Variables Define a rule
Add filter Step 3 Rules are made of conditions and actions. If the con
Add rules
Search past evaluations Name
suspicious_customer
Step 4
Define rule order Rule names must be 1-64 lowercase characters (0-9
Results Description
) A Stcp_s Customers whose phone number and IP ac
Q, Find versions 1 @ Review and create
Event ID Detector name Version ¥ Outcomes ¥ Evaluation timestamp v
Expression
Using Amazon Fraud Detector's simplified expressio
2959be0c-278f-4f3a-ae2a-11791b1d2e5b new_account_risk 2.0 verify 2019-12-02T17:50:04.5252 scores. To reference these variables, type "$" to star
for help.
2dc6ed25-f25f-4294-83cd-d3d3d32a2c07 guest_checkout 4.0 fraud 2019-12-02T17:07:51.648Z 1 $my_model_score > 50@ and
2 $phone_number_country != $ip_add
3b57c61a-8Bee2-4754-815b-9d27be04c9ed try_before_you_buy 3.0 NO_MATCH 2019-12-02T00:33:11.7562
54424d1a-fc82-4abd-8968-6739%bcaef303 try_before_you_buy 3.0 fraud 2019-12-02T00:33:40.8942
56951daf-7e3b-447e-846c-08c3059b3e96 guest_checkout 4.0 fraud 2019-12-02T00:35:06.902Z
603a6301-46de-4f2a-bch7-c5b2367afa34 new_account_risk 2.0 NO_MATCH 2019-12-02T17:13:31.2492
68080587-b6c9-4103-8fc0-4f16ef76722a new_account_risk 2.0 NO_MATCH 2019-12-02T17:49:55.868Z Rule expressions must evaluate to true or false. Whi
» Expression quick reference guide
82a8f124-af2c-4d59-a0a6-563c0df67666 guest_checkout 4.0 NO_MATCH 2019-12-02T17:07:27.098Z
Outcomes
88ebb30b-64e7-4a69-b40e-6991360fbd78 try_before_you_buy 3.0 fraud 2019-12-02T03:37:30.6112 What should happen when the condition above is
) Choose one or more outcomes...
8c06bb88-c340-4480-83a0-9218ddee534b new_account_risk 2.0 NO_MATCH 2019-12-01T23:55:03.247Z
adc175a2-1c30-43c0-8986-fd4627d94c5e guest_checkout 4.0 approve 2019-12-02T17:09:01.490Z
b18faB843-3010-4e11-9bf0-fd0713094eed try_before_you_buy 3.0 verify 2019-12-02T17:10:02.2232
b3444b95-749a-45d5-a3ce-c6c681ad67b9 guest_checkout 4.0 NO_MATCH 2019-12-02T17:10:19.820Z
ba704eb0-e1a5-4d42-b956-3cb393d970ad guest_checkout 4.0 NO_MATCH 2019-12-02T03:44:30.677Z
€6a70869-a4db-481b-99f0-a1174b876daf new_account_risk 2.0 verify 2019-12-02T717:09:16.928Z
e93dd3ec-d659-4ff2-b34d-8d1d14197e32 new_account_risk 20 verify 2019-12-02T719:09:51.887Z

@ Feedback (3 English (US)

Privacy Policyl} Feedback (@ English (US)
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Categories

Improper greeting Cancel account request Account verification Opology Upsell Competitor mention Difficulty hearing
Recording and transcript il Agent
il Customer
Long silence

uli Talking over each other

il 1 |||||I|||||.|||||||.|I|| ) sentiment - posive
I
' i

@ Sentiment - neutral

I |II|||||||]|

I i |
2:30 3:.00 3:30 4:00 4:3

2:0

0 el

0 30 1:00

il il

= @ Sentiment - negative

1:50/7:43 Speed: 1x = @ @ @ All parties sentiment « Share link <: Legend g

Transcript

Agent 00:01
Hello. Thanks for calling [busniess name]. My name is Han Solo. Let’s start with your date of birth, and please verify your address for me as well.

Customer 00:08

Hi. My birthday is December 22, 1981 and my address is 221A Baker Street.
I'll be moving soon, so | need to change that later.

Agent 00:18
Well, happy birthday.

Customer 00:20
Thanks

Agent 00:22

Hmm

| have a hard time finding your account. Do you happen to have your account ID?
Or tell me the last 4 digits of your social security number.

Customer 00:40

My account ID is 12345678

And the last four digist of my social is 1234
Actually that's the wrong number. Let me see.
It's 4567

Agent 01:03
Found ya. How may | help you today?




Amazon Connect Login name [=
Contact Trace Record

Contact summary

Contact ID 1po9ie0-7fdc-2588-9erc-cd2iuy510987q
Contact Start and end time Dec 22, 18, 3:01:00 - 3:19:56 pm
Contact duration 00:18:56 L
Customer number 123-456-7890 -
Agent soloh -
Neutral 37% Non-talk time 10%

Queue  customer account 00:18:56 Positive 10% Customer talk time 50%
Channel Voice M Negative 53% B Agent talk time 40%

Customer sentiment trend Customer sentiment Totla talk time 00:18:56

Contact details Contact analysis

Categories

Improper greeting Cancel account request Account verification Opology Upsell Competitor mention Difficulty hearing

Recording and transcript ih Agent
lih Customer
Long silence
nli Talking over each other

Senti t- iti

||||II||||...................|||I||||||I||||.I|||||||||II. ||..| ||I||I|||||.|||||||.II|| (2 sentiment - positve
[ [ [ | | ]

1 ] I |

30 i

@ Sentiment - neutral

3:00 3:30 4:00 4:3

K| YR il
[ ]
: | I 1:%0 2:60

0 30 1:00

7%
- @ Sentiment - negative

P
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CodeGuru 73+:f5ll — Looping vs Waiting
o

DescribeTableResult describe = ddbClient.describeTable(new DescribeTableRequest().withTableName(tableName));
String status = describe.getTable().getTableStatus();
if (TableStatus.ACTIVE.toString().equals(status)) {

return describe.getTable();

}

if (TableStatus.DELETING.toString().equals(status)) {
throw new ResourcelnUseException("Table is " + status + ", and waiting for it to become ACTIVE is not useful.");

}
Thread.sleep(10 * 1000);

elapsedMs = System.currentTimeMillis() - startTimeMs;
} while (elapsedMs / 1000.0 < waitTimeSeconds);
throw new ResourcelnUseException("Table did not become ACTIVE after ");

This code appears to be waiting for a resource before it runs. You could use the waiters feature to help improve efficiency.
Consider using TableExists, TableNotEXxists. For more information, see https://aws.amazon.com/blogs/developer/waiters-in-

the-aws-sdk-for-java/

F?ﬁ%fi’ﬂ% We should use waiters instead - will help remove a lot of this code.



https://aws.amazon.com/blogs/developer/waiters-in-the-aws-sdk-for-java/

CodeGuru Profiler — 77+441]

© Repeated regex compilation during String manipulation Recommendations report

Definition

Version

11th Jan 2019 latest
v3 (Profiler)

v

Description

The java.lang.String utility methods which accept regular expressions as String values are inefficient when used in hot paths. They have to compile the
regular expression for every use, which is expensive.

Resolution steps
Pre-compile the regular expression into a Pattern, and replace any of the following uses as shown:
Before (inefficient):

input.matches("foo.*")
input.replaceAll("foo.*", "replacement")
input.replaceFirst("foo.*")
input.split("foo.*")
input.replace("not-a-regex", "replacement")

After (efficient): The COde fiX

static Pattern MY_REGEX = Pattern.compile("foo.*")
static Pattern MY_NOT_REGEX = Pattern.compile("not-a-regex", Pc

v & WM

. ' e L - X\ As . At
- private static final String INVALID METRIC_CHARACTERS = "["A-Za- I + private static final Pattern INVALID METRIC_ CHARACTERS =
1. MY_REGEX.matcher(input).matches() z0-9\\.:@ \\-\\/1"; Pattern.compile("[“A-Za-z0-9\\.:@ \\-\\/]");
2. MY_REGEX.matcher(input).replaceAll("replacement™) "
3. MY_REGEX.matcher(input).replaceFirst("replacement") c TR S G \%“if’ TN v RURNARN el A
4. MY_REGEX.split(input) # T - 5
5. MY_NOT_REGEX.replaceAll(Matcher.quoteReplacement("replacemer : qi 'l R A
Note for number 5, quoteReplacement() is only required if the replacement strin
by Matcher.replaceAll() and String.replace() . P ; M. i -..\:_:____ S % % L f«% - i "\'."'-’".3-‘ Wi
Example fix: https://code.amazon.com/reviews/CR-3726256. R e e e e @i LR T g =3
.,&'_;qil M _ *x TG . s
- return metricName.replaceAll (INVALID METRIC_ CHARACTERS, ""); /% + return

INVALID METRIC CHARACTERS.matcher(metricName).replaceAll("");




(64 S E_WS Services - Resource Groups ~ *

. @ o

ttps://github.com,

Dev2 #2

0 / 1 files viewed
Changes from all commits v File filter...» Jumpto..~ £~

i Open Use of Inefficient Cryptographic Implementations

Why is CodeGuru recommending this change?

Your profile spent 3.84% of the and time on frames related to this issue, but we would expect less than 1% of v

v 176 mEEEE scan.java [

The top matched frames were DigestBase.enginelpdate , ECOHKeyAgreement.deriveKey and 3 others.

S P o S e e et YA e ey Y a P
+ Description

+ Both the default cryptographic libraries shipped with Java as well as those from BouncyCastle include a number of inefficient implems
¥ if (null == lastKnownStatus || lastKnownStatus.getlLeft() < timeStamp) {

+ lastKnownStatus = new MutablePair<Long, String>(timeStamp, status); ¥ Suggested resolution steps

+ latestStatusForTrackingNumber.put(trackingNumber, lastKnownStatus);

Evaluate switching to the Amazon Corretto Crypto Provider ACCP.
Your application does not need to be directly calling the cryptographic code for the fix to work. Simply installing the new crypto provi

+©

1 hour ago Author

Recommendation generated by Amazon CodeGuru-Reviewer ¥ Where was this found?

Matched function name Portion of profile

Problem

sun. security. ec. ECOHKeyAgreement . deriveKey

0.26 %
You are using a ConcurrentHashMap , but your usage of get() and put() may not be thread-safe at lines: Matching stacks in 3 stacks

0.15 % 0.05 % 005 %
111, 114, 136, and 138.

sun.security.ec.ECKeyPairGenerator. generatekeyPair 0.109
Two threads can perform this same check at the same time and one thread can overwrite the value written Matching stacks o
by the other thread. 0O05%  005%

in 2 stacks

" sun.security.provider.DigestBase.enginelUpdate 312 %
. 0

le Matching stacks

061% 061% 046% O41% 031% 015%  0.10%

in 14 stacks

Consider replacing put() with putIfAbsent() to help prevent accidental overwriting.

CodeGuru Profiling groups ColorProcessApp

| @ Recommendation ‘ ‘ Actions ¥

ColorProcessApp

putIfAbsent() puts the value only if the ConcurrentHashMap does not contain the key---and therefore
avoids overwriting the value written there by the other thread's putIfAbsent() .

2019-10-29 @ 13:00 - 14:00 GMT +

More Info

putIfAbsent() returns null if the value did not exist and returns the value in the map if one already

exists. Defioter defstetytes Defite Defater deitesytes Defiter defatebytes Defiater defltesytes
Deflater. deflste | Deflate | | Deflater.deflate Deflater.deflate Deflater.deflate
AMAZON PRIME DAY 2017 VS 2018 o = =R == e s
IDATOUtptStream. deflate IDATOUE IDATOuL IDATOUtpUtStream deflate [DATOUDUt Stream deflate IDATOutpytStream. deflate
IDATOuULputStream. write IDATOuL IDATOUtputStream. write IDATOUtpUStream. write IDATOutputStream.write
PrGImagewniter encotePass. PHGImage! PNGImagew iter encadepass PNGImagewriter. encodeass PNGLmagew riter encodePsss
JPEGImA PIVGImagewriter. write_LOAT PHGImage: JPEGIma PNGImagewiriter.write_IDAT PNGImageWriter.write_IDAT PNGImageWriter.write_IDAT
xample Code [ el i 1§ Lot el e
JPEGImag Imagewrier.write imagewri JPEGImag Imagewirer,write T COTANH R gt o AL Imagewrser write
Imagel0. ImagelQ.dowrite ImagelQ. Imagel0. ImagelO.dowrite ImagelO.dowrite
ImagelD. ImagelO.write ImagelD. Imagel0. Imagel0.write 89.97% of total ImagelD write
ImageProcessorsUprightimageprodessor. pio
NATIVE: 22 minutes fosss ImageProcessortUprightimageProcessor.acca
Hadoop at GitHub TIMED_WAITING: a i
RUNNABLE: 7 minutes
WAITING: a few seconds
Estimated active CPU cost: $1320
EE C P U | 22 52 ; P o o Right-click frame for options
Reply... E = = 11 =

@@ Feedback (@ English (US)

Privacy Policy  Term:
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When is reiinvent? Q

it

Kendra suggested answer

AWS re:Invent 2019

AWS re:Invent 2019 will be held December 2-6, 2019 Las Vegas, NV. Download your calendar invites for
upcoming AWS Training Talks (or listen to last week's recordings) below. Training Talks offer internal field
reps a 60 mins deep dive into use cases, customer benefits, and a demo of new services... (More)

WEB | https://w.amazon.com/bin/view/AWS/reinvent_2019

Info
Frequently asked questions
Where is re:Invent located? >
How do | register for re:Invent? >
When is re:Invent registration open? >
Info
1-10 of 65 Recommended documents Sort: Relevancy w

APN re:Invent 2019

Encourage your APN Partners to join us December 2 at AWS Innovate, re:Invent Recap Edition. This is a free
online conference providing a complete wrap up of AWS re:Ilnvent... (More)

WEB | https://w.amazon.com/bin/view/APN_reinvent_2019/

re:Invent Live Stream Viewing Parties 2018

...Join us for re:Invent keynote viewing parties for our Amazon.com CDO organizations. We'll be providing
breakfast, re:Invent water bottle giveaways, and a phone tool icon for your participation... (More)

WEB | https://w.amazon.com/bin/view/reinventcampusevents/

Deploy

Select the components you want on the page,
copy the code snippets, then paste them into
your search application.

Want it all? Copy all componens with our
global code snippet.

Copy all components

Selected component

Kendra suggested answer

<div class="term-grid">
<label>Lorem</label>
<div class="definition">ipsum dolor sit amet
consectetur adipisicing</div>
<div class="alternate">something</div=
</div>
.clearfix { display: inline-block; }
* html .clearfix { lorem: 1%; }
.clearfix { display: block; }
<div class="term-grid">
<label>Lorem</label>
<div class="definition">ipsum dolor sit amet
consectetur adipisicing</div>
<div class="alternate">something</div>
</div>
.clearfix { display: inline-block; }
* html .clearfix { lorem: 1%; }
.clearfix { display: block; }
.clearfix { display: inline-block; }
* html .clearfix { lorem: 1%; }

Copy code snippet

Learn more
Deploying Kendra in your web application.

Understanding API integration.




Kendra

Filter search results w

Search in

Everywhere (486)

IBroadcast {265)] l Sage (98) I

Date range

2007 2019

Categories

HR (23)
IT (5)
Marketing (5)

Authors
miyingah (7)
michealnb (4)
angelak (4)
masono (1)
kimfonta (1)

rwitaman (1)

Show more...

amazon.com employee discount

Kendra's suggested answer

New Hire Information

For more information, visit the Amazon US Benefits Inside Amazon page. Employee Discount Employees
receive a 10% discount (up to the value of $100 annually) for selected products available on Amazon.com.
Employee discount code numbers will be available once new hire documentation is complete... (More)

WEB | https://w.amazon.com/bin/view/AmazonStudios/New_Hire_Information/

Info
Frequently asked questions
How do | apply the amazon.com discount code? >
How often can | use the amazon.com discount? >
What items can | apply my employee discount? >
Info
1-10 of 98 Recommended documents Sort: Relevancy w

Employee Offer

With AT&T This wiki explains how Amazon employees can redeem their employee benefit...Note: Please refer
to the Employee Extras page for current discount details. Some of the information below... (More)

WEB | https://w.amazon.com/bin/view/key-benefits-offers
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IEE Amazon SageMaker Studio  File Edit View Run

Kernel Git Tabs Settings Help

] [®] xgboost_customer_churn.ipyr *

0 & » B

o Mz &

B + ¥ O 0 » m C Makdown v @ gt conda_amazonei_mxnet_p27 QO

* Have the predictor variable in the first column
« Not have a header row

But first, let's convert our categorical features into numeric features.

[ 1: model data = pd.get_dummies{churn}
model data = pd.concat([model data[ ]. model data.drop([

LA

And now let's split the data into training, validation, and test sets. This will

help prevent us from overfitting the model, and allow us to test the models
accuracy on data it hasn't already seen.

[ 1: | train_data, wvalidation_data, test_data
train_data.to_csv

np.split{model data.sample(frac=1
» header=False, index-False}
validation data.to csv » header=False, index-False}

LA

Now we'll upload these files to 53.

[ 1: |boto3.5ession().resource }.Bucket({bucket}.0Object{os.path.join(prefix,
boto3.5ession(}.resource }.Bucket({bucket}.0Object{os.path.join(prefix,

LA

conda_amazonei_mxnet_p27 | Idle

ﬂ Trial Component Chart x
0.4
0.34——
T
=
I
-]
FHES v
E
8
011+ A
0.0 | I I I | I
L] — o m = un [ E]
penicd
ﬂ Trial Component List *
&
TRIAL COMPONENTS
10 rows selected
Status # Experiment

¥ Completed

¥ Completed

4

Completed

¥ Lompleted

customer-churn-predi...
customer-churn-predi...
customer-churn-predi...

customer-churn-predi...

Type

Training job
Training job

Training job

Training job

Mode: Command

Add chart

Trial
Trial-3

4

Trial-2
Trial=1

Trial-0

@ Lni,coli

Trial o
Tr.

Tr.

Tr.

I

xgboost_customer_chum.ipynb
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aWs File Edit View Run Kernel Tabs Settings Help

(] (4 Launcher X | ] my_notebook.ipynb

B+ 0O [ » m C Makdownv @

This code looks for an ECR repository in the acco
the notebook instance was created). If the reposi
will need to retrieve ECR credentials to pull this

[ 1: sh
algorithm_name-pytorch-extending-our-co

cd container

account-"(aws sts get-caller-identity

region-' (aws configure get region)
region--{region: us-west-2}

e @ &= B 0O +» ® 0

fullname

- -

Create shareable snapshot

Share as

my_notebook.ipynb

Include Git repo information

(J Include notebook output

Cancel Create snapshot

query Account output text)

aws ecr describe-repositories repository-names

[ ne 0 ]
then

aws ecr create repository - repository-name

fi

(aws ecr get-login --region {region}

(aws ecr get-login —-registry-ids 520713654638 --region ‘{region} --no-include-email)

no-include-email)

dev,/null 2

dev,/null

conda_pytorch_p36

The following shell code shows how to build the container image using docker build and push the container image to ECR using docker push . This code is also
available as the shell script container/build-and-push.sh , which you can runas build-and-push.sh pytorch-extending-our-containers-cifarl@-
example to build the image pytorch-extenc -

1 SageMaker notebook instance, this is the region where
are using the SageMaker PyTorch image as the base, we

Sharing notebook: MyNotebook.ipynb

O
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@ Amazon SageMaker Studio  File Edit View Run Kemel Git Tabs Settings Help

I ﬂ Trial Component List * ﬂ Trial Component Chart x *
CHART PROPERTIES
Data type
TRIAL COMPOMNENTS 5 rows selected. Select rows to toggle chart visibility. Add Chart
O Time series
Experiment Trial Trial Component Type Training time Actions -
® Summary statistics
o LCE customer-churn-predi...  Trial-9 Training job ~B& minutes
@ customer-churn-predi...  Trial-8 Training job ~5 minutes Chart type
L= customer-churn-predi...  Trial-7 Training job ~G minutes @ Histogram
& g ] g
LEE customer-churn-predi...  Trial-6 ) Training job ~4 minutes O Line
A L customer-churn-predi...  Trial-5 - Training job ~4 minutes
X-axis dimension
o 1CHART ® Epoch
® Time
train:loss_last with 1-minute aggregation % O Periods from start
3 0.4
\ X-axis aggregation
= I E: M O 1-minute
E \\ //\\ ® 5-minute
=l
% ® 0.2 H‘"“a ® G0-minute
=
]
& Y-axis
0.1
\\\—»—)—‘—‘_——4 train:loss_last ¥
0.0 T T T T T T T
= - /] m L L+ w0
e riced W

2 E (1] E.'F Trial Component Chart
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IEEJ Amazon SageMaker Studio File Edit View Run Kernel Git Tabs Settings Help

- [=] SMDEbugger-CloudWatch-Lot X

o

O % & B %

B + X OO » m C Makdwn v O git conda_tensorflow_p38 QO

Using SageMaker Rules

In this example we'll demonstrate how to use SageMaker rules to be evaluated against your
training. You can find the list of SageMaker rules and the configurations best suited for using
them here.

We specify a few rules that check for overfitting, descrease in loss across epochs and for
saturated activations.

[8]: estimator - TensorFlow(
role-sagemaker.get_execution_role(),
base_job_name 7
train_instance_count=1,
train_instance_type ’
image_name-cpu_training_image,
entry_point-entrypoint_script,
framework_version 5
py_version .
train_max_run=3600,
script_mode=True,
sagemaker_session-sess,

rules = [ Rule.sagemaker(rule_configs.vanishing_gradient()),
Rule.custom(name q

image_uri
instance_type ’
source 0
rule_to_invoke '
volume_size_in_gb-400,
collections_to_save-[CollectionConfig(name
rule_parameters={
H 1,

hyperparameters = { : 100 }

)

Note that Sagemaker-Debugger is only supported for py_version='py3’ currently.

Let's start the training by calling fit() onthe MXNet estimator

[21:

estimator.fit(wait=False)

DAacle

0o M 4 &

)1,

A& Describe Trial Component X

Experiment: Unassigned

Trial: Unassigned

Trial stages Charts Metrics Parameters

mnist-tensorflow-
example-
2019-12-02-09-52-13-126-
aws-training-job

Created Issues Found 4 minutes ago
15 minutes ago

Status Last modified

Issues Found 4 minutes ago

& Trial Component Chart X

TRIAL COMPONENTS 1 rows selected. Select rows to toggle chart visibility.

¢ Experiment ¢ Trial ¢ Trial Component
@ N/A N/A
2 CHARTS

Artifacts

Rule name
VanishingGradient

Overfitting

AWS Settings Debugger

Job ARN
arn:aws:sagemaker:us-west-2:3.

arn:aws:sagemaker:us-west-2:3;

Add Chart
¢ Type ¢ Train
Training job ~10

sparse_softmax_cross_entropy_loss/value:0_avg with 1-minute aggregation

&

e

.+
(=]
1

-
(=]
1

sparse_softmax_cross_entropy_loss/value:0_avg

trialComponentName
mnist-tensorflow-example-2019-1....

101

114

Describe Trial Component

SE—
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Amazon SageMaker Model Monitor
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&> Amazon SageMaker Studio File Edit View Run Kemel Git Tabs Settings Help

O 8 B> % O

e

%

&

ENDPOINTS

mengyw-test-vpc-3

DEMO-xgb-chum-pred-mod...

mengyw-test-vpc-2

Endpoint status

v

v

InService

InService

InService

InService

InService

InService

~ilod
ratieg

InService

InService

Failed

4 AmazonS X | os UCDEMO X | s UCDEMO X | o model-mo X |

Monitoring results Monitoring job history

AMAZON SAGEMAKER MODEL MONITOR

Amazon SageMaker Model Monitor detects data drift and other issues that can affect models in production and alerts you so you can take corrective

action,

2 CHARTS

AWS settings

SageMake X | # model-ma X | # DEMO-xgt X | o model-mo X |

Add chart

0f PM 1MPM

O 1week
® 1day

® 12 hours
® 6hours
® 1hour

Statistic

® Average

® SampleCount
O sum

® Minimum

® Maximum

Feature

feature_data_int1Plan_yes ¥
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Amazon SageMaker Autopilot
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%

File Edit View Run
+ LS

BB / automl-preview /

Name -

B bank-additional

BB model

» W] sagemaker_auto...

o1&

Kernel Git Tabs

C

Last Modified
12 hours ago
12 hours ago

3 hours ago

Settings Help

[®] sagemaker_automl_direct_mi X s&} my-sagemaker-autopilot X

c

EXPERIMENT: MY-SAGEMAKER-AUTOPILOT

Trials Job profile

TRIALS

0 row selected

Trial name
my-sagemaker-tuning-job-...
my-sagemaker-tuning-job-...
my-sagemaker-tuning-job-...
my-sagemaker-tuning-job-...
my-sagemaker-tuning-job-...
my-sagemaker-tuning-job-...
my-sagemaker-tuning-job-...
my-sagemaker-tuning-job-...

my-sagemaker-tuning-job-...

Status
Completed
Completed
Completed
Completed
Completed
Completed
Completed
Completed

Completed

Start time

9 hours ago
9 hours ago
7 hours ago
7 hours ago
9 hours ago
7 hours ago
8 hours ago
8 hours ago

8 hours ago

Deploy model

Open candidate generation notebook

End time

Open data exploration notebook

Deploy model

Objective
0.9206119775772095
0.9202479720115662
0.9200050234794617
0.9195190072059631
0.9191550016403198
0.9190340042114258
0.9189119935035706
0.9186699986457825

0.9186699986457825

my-sagemaker-autopilot
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« AWS DeepRacer Evo
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AWS DeepComposer
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AWS Neuron SDK
o« FRARBILARGASSEINIRER, {FEEIRAYETE

16(iL;F= (FP16F0 BF16) _LAJ64 teraOPS iR SFEEEL
.« SEEEL (INT8) ZE_L/9128 teraOPS

« Neuron SDK;

Deep Learning AMIs 5 Deep Learning Containers E&8S
+  37#% TensorFlow 5 Apache MXNet, PyTorch BiEs7 4%

IH

BWER | SR | s | e EseR

inf1.xlarge 8 GiB Up to 3.5 Gbps
inf1.2xlarge 1 8 16 GiB Up to 3.5 Gbps
inf1.6xlarge 4 24 48 GiB 3.5 Gbps

inf1.24xlarge 16 96 192 GiB 14 Gbps


https://github.com/aws/aws-neuron-sdk

Deep Graph Library

https://www.dgl.ai

» Python FFREE, RIFEENFARARFIRLSE
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- B HEF. XM, EmilE. WK
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- Deep Learning Containers 8283
25 PyTorch 5 Apache MXNet, TensorFlow BPiEs245
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Deep Java Library

https://www.djl.ai
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http://aws.amazon.com/builders-library

1. Graviton2 for EC2
2. Amazon Kendra

3. AWS CodeGuru W
4.Infl EC2 Instances with
5. Amazon SageMaker Au
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https://aws.amazon.com/new/reinvent

Filter by:
Clear filters

¥ Event Series

re:lnvent

Summits
¥ Session type

20 Minute Presentation
Builders session

Chalk talk

Session

Workshop
¥ Learning Level

200 - Intermediate
300 - Advanced
400 - Expert

¥ Topics

Amazon.com
Alexa

Analytics

AWS Events Content

Experience our event content at your fingertips. Explore, view, and download presentation decks
from your favorite sessions and discover what's new. Learn from AWS experts, customers, and
partners to continue your educational journey in the cloud.

CHN202

AWS China Gateway: Power
your business in China by...

The AWS China Gateway provides
information that helps customers of all
sizes get started in using AWS to grow
their businesses in China. The AWS
China (Beijing) Region and the AWS
China (Ningxia) Region are located
within mainland China. To provide the
best experience for customers in China,

19-Dec

WINDOWS & .NET

WIN407-R1 EVEL 400

[REPEAT 1] Performance
tune SQL Server using...

When you are running critical database
workloads on SQL Server it's vital that
SQL Server is configured for optimal
performance. In this builders session,
we outline an approach for how to
perform deep inspection of the
workloads running on SQL Server and
tune configuration settings to match

19-Dec

WINDOWS & .NET

406-R1

[REPEAT 1] Build multi-
region SQL Server Always...

Multi-region SQL Server database
configurations offer the benefits of
both high availability and disaster
recovery. Join us for this builders
session, where you learn how to design
and deploy SQL Server in a multi-
region architecture on AWS and
perform the configuration of a multi-

19-Dec

ries%?23reinvent



https://aws.amazon.com/cn/events/events-content/?awsf.filter-series=event-series%23reinvent
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AWS re:Invent 2019 - Daily Recap Episode 5 - Thursday

AWS re:Invent 2019 - Daily Recap Episode 5...
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Learn more about AWS re:Invent at http:/bit.ly/2s46SnA.

Join AWS Senior Solutions Architect, Rudy Chetty at AWS
re:lnvent in Las Vegas to explore the quirky side of this cloud
computing conference. In the 5th and final episode of 2019,
Rudy wraps up the week with the AWS Deep Racer Finals, Dr.
Werner Vogels keynote, a visit to the AWS Certification lounge,
and re:Play. Rudy finds out what customers have learned, what
TR

AWS re:invent 2019 - Daily Recap  » =B

AWS re:Invent 2019 - Daily AWS re:Invent 2019 - Daily AWS re:Invent 2019 - Daily AWS re:Invent 2019 - Daily AWS re:Invent 2019 - Daily
Recap Episode 5 - Thursday Recap Episode 4 -... Recap Episode 3 - Tuesday Recap Episode 2 - Monday Recap Episode 1 - Sunday
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AWS re:Invent 2019 Breakout Sessions | Games/GameTech > 2EBHER

teaches AngryBil

ud using ME

AWS re:Invent 2019: How AWS re:Invent 2019: AWS re:Iinvent 2019: How AWS re:Invent 2019: How Call
Rovio teaches Angry Birds t... Migrating the live Poké CAPCOM builds fun games... of Duty uses ML to...
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https://www.youtube.com/channel/UCdo



https://www.youtube.com/channel/UCdoadna9HFHsxXWhafhNvKw
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Go Build!




Thank you!
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